
Why AI Improves Decisions
but Fails to Change Outcomes
AI-driven supply chains as a companion case for change management

The quiet failure pattern: better models, unchanged decisions.

Ramesh Krishnan
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AI is an operating model upgrade
The distinction changes what leaders invest in, measure, and govern.
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What many organizations buy

Better forecasts

More accurate recommendations

Pilots attached to old workflows

What actually creates value

A changed decision process

Explicit authority and escalation rules

Metrics that reward acting on the signal

The heavier lift is operating design.

Technology raises the ceiling. Operating design determines whether the organization reaches it.
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This moment is different
Supply chains now face structural volatility and operationally usable AI at the same time.
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Volatility is structural

Geopolitics, supply shocks, and demand 
swings are no longer rare exceptions.

AI is operational

Demand sensing, network optimization, 
and autonomous sequencing are moving 
from experiments to workflow.

Compression is accelerating

Faster cycles, less tolerance for error, and 
margin pressure leave less room for 
manual coordination.

The management question is no longer whether AI can improve the answer. It is whether the 
organization can act on the answer.
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THE FAILURE PATTERN

Visible pilots.
Invisible structural change.
Most organizations adopt tools faster than they redesign accountability.

Urgency Pilots Superficial
integration

Stall
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Better forecasts do not improve service by themselves
Capability improves. The operating model often does not.
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Capability improves

Forecast accuracy +15%

Signal latency reduced

Better SKU granularity

Scenario modeling enabled

Operating model does not

Safety-stock logic unchanged

S&OP cadence unchanged

Planner override norms unchanged

Incentives tied to stock-out avoidance

The model can be right and the business outcome can still fail.
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Four structures determine whether AI scales
Each one turns model output into organizational action.
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1 Signal integrity

Trusted inputs, 
explainable outputs, and 
explicit confidence 
scoring.

ENABLES TRUST

2 Decision 
authority

Clear ownership of 
operational decisions and 
thresholds for 
intervention.

NAMES AUTHORITY

3 Incentive 
alignment

Metrics that reward acting 
on signals, not protecting 
legacy routines.

CHANGES BEHAVIOR

4 Operational 
governance

Guardrails, auditability, 
kill switches, and safety 
controls.

SETS GUARDRAILS

These are production infrastructure for decision change, not change-management decoration.
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Autonomy stalls without system authority
Legacy infrastructure can quietly dilute model advantage.
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AI recommendation

Real-time signal

ERP constraint

Batch logic

Delayed action

Model advantage diluted

Manual bridge

Planner workaround

Authority gap
exceptions feed the next cycle

The hidden problem is not intelligence. It is write-back authority, exception logic, and workflow permission.

Intelligence without execution authority does not compound.
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Data pedigree determines decision trust
Leaders do not delegate authority to signals they cannot trust.
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Internal data bias

Historical equilibrium bias

Lagging indicators

External volatility unmodeled

Signal architecture

External demand signals embedded

Real-time validation layers

Explicit confidence scoring

Trust is designed through data lineage, confidence, and explanation. It is not created by asking users to believe the 
model.

Praxis Advisory | AI change management companion 08



Decision rights must be explicit
Automation scales only when thresholds are named before the decision arrives.
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Policy sets guardrails AI executes within guardrails Human reviews exceptions

Target service level: 95% Generates replenishment orders Reviews if confidence <60%

Working-capital boundary Adjusts quantities automatically Reviews if inventory shift >15%

Human sign-off decisions defined Logs all decisions Override rationale recorded

A model output is not a decision process. The process begins when authority and exception logic are written down.
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Roles evolve faster than titles
The work changes before the org chart does.
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Before

Planner executes forecasts

Analyst produces reports

Manager approves decisions

After

Planner supervises AI outputs

Analyst validates models

Manager governs systems

Change management has to protect expertise while changing what expertise is used for.
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Incentives decide whether AI scales
If KPIs stay the same, behavior stays the same.
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Legacy KPIs

Service maximization

Functional targets

Overrides rewarded

AI-aligned KPIs

Service + working-capital balance

Network-level optimization

Model adoption reviewed

The override rate becomes a governance signal, not a private workaround.
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Every AI system needs a lifecycle
Guardrails are not only for launch. They govern expansion, exception handling, and sunset.
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1
Pilot
Human reviews every 
recommendation

Overrides tracked

2
Measured
Autonomy extended to high-
confidence decisions

Thresholds documented

3
Scale
Human on the loop, not in it

Exceptions monitored

4
Sunset
Model replaced or retrained

Decision rights reissued

Learning loop
sunset data feeds the next pilot

Sunset is as important as launch. It returns evidence to the next cycle instead of preserving silent legacy dependency.
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Humans stay in the loop where judgment matters
The goal is not to automate judgment away. It is to locate judgment at the right points.
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Intervention thresholds

Humans review cases where model 
confidence, impact, or novelty 
crosses agreed limits.

Non-delegable decisions

Some trade-offs remain executive 
choices because they express risk 
appetite.

Crisis escalation

Volatility shocks need protocols that 
move faster than ordinary cadence.

Human involvement should be designed, not improvised.
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Performance follows decision change
AI capability matters, but the operating model determines how much value reaches the 
business.
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Demand sensing

Lower forecast error
where signals are trusted

Autonomous sequencing

OTIF stabilization
where exception rules are explicit

Network optimization

Working-capital gains
where incentives align

Ranges should be treated as context, not guarantees. Impact varies by volatility, network complexity, and adoption design.
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Disciplined acceleration beats tool enthusiasm
Most organizations land in the wrong quadrant.
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Fragility

Fast capability,
weak governance

Compounding advantage

Fast capability,
strong governance

Irrelevance

Slow capability,
weak governance

Stagnation

Slow capability,
strong governance

TARGET

Operating structure
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How AI scales in a supply chain
Structure decisions before automating them.

Praxis Advisory | AI change management companion 16

1
Select the decision

Defined high-value domain
2

Prove the signal

Measured lift vs. baseline

3
Define authority
Guardrails and escalation thresholds

4
Align incentives

KPIs tied to model adoption

Compounding advantage
learning changes the next decision

The managerial work is iterative: decide where value sits, prove the signal, name the authority, reward the behavior, then tighten 
the system.
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CLOSING

Move early.
Move structurally.
Build systems that learn faster than disruption unfolds.

The practical test

Before funding the next AI pilot, ask what decision 
will change, who owns it, what threshold triggers 
action, and which KPI will reward the shift.

Better models are useful. Better decision systems compound.
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